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Abstract

Do inter-oganizational transaction costs among commercial banks in India's oldest

�nancial inclusion program distort credit lending across districts? I study the Lead

Bank Scheme of India where since 1969, for each district a commercial bank (Lead Bank)

has been supervising credit delivery and for each state a commercial bank (Convenor

Bank) is coordinating the activities of the lead banks of the state. I �nd that in

districts where lead bank and convenor bank of the state are same (aligned districts),

credit disbursement is 2.7% higher after controlling for temporal shocks, demand side

factors and supply side factors. Further, I show that following good rainfalls, deposits

in aligned districts do not rise by a signi�cant amount vis-à-vis non-aligned districts

indicating that while alignment pushes the lead banks to provide more credit, credit

provision may not be for more viable units. The results are explained by an approach of

Transaction Costs Economics (TCE) where costs of coordinating across �rm boundaries

are higher than within �rm boundaries. The paper shows how distortions created by

organizational features may a�ect service delivery in welfare programs.
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∗NCAER
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1 Introduction

Financial inclusion of underprivileged sections of the society is crucial for economic progress

(Sarma and Pais (2011), Mandira and Jesim Pais (2016), ?). In India, the task of �nancial

inclusion is attempted through the Lead Bank Scheme, 1969. Under this scheme, each

district has been assigned a public sector bank, known as Lead Bank, to supervise credit

disbursement as per Annual Credit Plan1 and conduct �nancial literacy camps. Each state

is assigned a nationalized bank, known as Convenor Bank, to coordinate the e�orts of Lead

Bank of that state. Convenors are evaluated by Reserve Bank of India, annually.

Given the governance structure, some convenor and lead banks fall within the boundary of the

�rm while some fall outside. Using implications of transaction costs economics (Williamson

(1981), Holmstrom and Roberts (1998)), I predict that when convenor and lead banks belong

to the same corporate entity (aligned), then credit delivery should be higher. As an additional

test, I also predict that credit delivery should increase progressively as year comes to an end,

since impending evaluation by RBI compel all convenors to monitor more closely.

Using district-wise quarterly credit and deposit data from the third quarter of 2003 to fourth

quarter of 2016, I show that credit disbursal in aligned district is 2.7% higher, after control-

ling for temporal variations (quarter-year �xed e�ects), supply side factors (lead bank and

convenor �xed e�ects) and demand-side factors (district and state �xed e�ects). Further,

I show that compared to the �rst quarter, credit disbursement in second, third and fourth

quarter are 4.5%, 9.7% and 17.9% higher. However, I do not �nd higher deposit �ows in

aligned districts after a positive income shock of normal monsoon. Thus, this last point al-

lows me to infer that while aligned lead banks may push more credit, they are not spreading

�nancial awareness in an e�ective manner.

The paper contributes to various strands of research. Policies in Indian banking sector has

been studied previously to establish the role played by �nancial inclusion in poverty alle-

viation (Burgess and Pande (2005), Burgess et al. (2005) Young (2019)). In this paper, I

analyze a previously unstudied scheme to show that organizational features of nationalized

Indian banking sector may create distortions in such policies. Recently, Acharya and Kulka-

rni (2019) showed how government guarantees of nationalized banks in India e�ect bank

vulnerabilities during a crisis.

The paper also contributes to the literature on resource misallocation due to industrial

1Annual Credit Plan and Productivity-Linked Plans are designed by NABARD for each district in India

to promote �nancial inclusion.
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policies in developing countries (Hsieh and Klenow (2009), Collard-wexler et al. (2011),

Restuccia and Rogerson (2017)). Midrigan and Xu (2014) has studied misallocation in

plant-level productivity due to �nance frictions. Peek and Rosengren (2005) �nds evidence

for credit misallocation in Japan due to a perverse incentive for �rms to provide capital to

the weakest �rms. To the best of my knowledge, this is the �rst paper to show how welfare

schemes led by commercial entities can also lead to misallocation due to organizational

transaction costs.

Finally, the paper also contributes to the vast empirical literature on transaction costs eco-

nomics. Williamson (1981)'s theoretical work has found evidence in wide-ranging �elds.

Papers in this stream have shown how certain forms of governance structure reduce trans-

actions costs thereby facilitating production. Shelanski and Klein (1995), David and Han

(2004) and Crook et al. (2012) provide surveys of empirical evidence for transaction costs

economics.

Rest of the paper is organized as follows. Section 2 provides the institutional background for

Lead Bank Scheme. Section 3 provides a game-theoretical model building on the institutional

features. In Section 4, I test the implications of the model. Section 5 concludes.

2 Institutional Background

Lead Bank Scheme (LBS) was started in 1969. Under this scheme, for each district of India,

a nationalized bank2 with its operational presence in that district was appointed as the

agency to monitor credit disbursement activities. The appointed commercial bank at the

district is known as the Lead Bank. To oversee the activities of the Lead Banks of a given

state and to coordinate their e�orts, RBI appointed a commercial bank for each state in

1977. The coordinating nationalized bank is termed as Convenor Banks. Collectively, the

Convenor Bank at the state and Lead Banks in the districts constitute a State Level Bankers'

Committee (SLBC).

2.1 Governance Structure of SLBC

Figure 1 provides the organization chart for an SLBC. Broadly speaking, the task of SLBC

is to expand the scope of �nancial services in its assigned state/UT.

2A nationalized bank in India can be considered as a wholly Government of India owned entity which

gives it a sovereign guarantee.
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2.1.1 Lead Banks

Historically, Lead Banks are responsible for achieving credit delivery targets of Annual Credit

Plan set by National Bank for Agricultural and Rural Development (NABARD). In its re-

vamped role after 2009, apart from credit disbursements, Lead Banks also have the respon-

sibility of spreading �nancial awareness. Figure 2 provides a schematic of how a lead bank

conducts its responsibilities. Following summarizes the roles of a lead bank:

• Coordination with Financial Institutions: Lead Banks interact closely with bank-

ing and non-banking organizations to monitor credit delivery. These local �nancial in-

stitutions also convey the geographical and infrastructural issues faced by them while

expanding �nancial services.

• Public Outreach: Lead Banks have an active reach-out program to attain �nancial

literacy and awareness. This task is achieved by conducting �nancial literacy camps

in rural areas or for the vulnerable citizens, establishing �nancial literacy centres,

recommending �nancial literacy curriculum in schools, etc.

• Interaction with Government: Lead Banks interact with the government depart-

ments to share the infrastructure requirements for expanding �nancial and banking

services. This is done through frequent meetings.

Currently, around 28 commercial banks act as Lead Banks for India's 700 districts.

2.1.2 Convenor Banks

Convenor Banks monitor the performance of Lead Banks of sate through quarterly meetings

of SLBC. In these quarterly meetings, the chairman of the commercial bank, acting as Con-

venor, leads the meetings where the performance of each lead bank is evaluated. Convenor

Banks are evaluated by RBI annually in terms of whether they achieve the Productivity

Linked Annual Credit Plans or not.

Currently, around 18 nationalized banks act as Convenor Banks for India's 36 states/UTs.

2.2 Appointment of Lead Banks and Convenor Banks

Lead Banks are appointed by RBI from the set of 18 nationalized banks in India. Once

appointed to a district, Lead Banks of a given district do not change. Further, when new

districts are carved out of older ones, RBI issues a noti�cation for appointment of a new
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Lead Bank. The Lead Bank of a new district can be the same as or di�erent from the Lead

Bank of the mother district. The criteria for selection among the nationalized banks depends

on the coverage and operational presence of the appointed bank in that district.

Similarly, Convenor Banks are appointed by RBI. When new states are formed, Convenor

Banks are appointed for these new states. Apart from the formation of new states, in

the last 15 years, RBI has also changed Convenor Banks for the state of Manipur and

Jharkhand.

De�ne an Aligned district as those districts for which the Lead Bank and the Convenor Bank

at the state level are the same Public Sector Bank. Around 28% of districts are Aligned.

Further, alignment status of a district changes as Convenor Bank changes.

2.3 Incentives for Lead Banks and Convenor Banks

Incentives for following the government-set plans for Lead Bank Scheme are di�erent for Lead

Banks and Convenor Bank. While Lead Bank personnel are driven by career motivations,

Convenor Bank representatives are motivated by the supervision of regulator, RBI.

Figure 3 provides a generalized organization chart of a PSB in India. Lead Banks conduct

their operations through a district-level branch which is headed by a Chief Manager-level

o�cer. Most public sector banks in India do not have lateral entries. Thus, Chief Managers

are mid-to-high level employees in the bank who have climbed up the career ladder in the

�rm for around 6-7 years. Further, employee attrition in public sector banks remains low in

India and thus, most Chief Manager are motivated by promotion. Hence, career concerns

provide the incentives for Lead Bank personnel (Holmstrom (1999)).

The role of convenor banks is to supervise the Lead Banks in the SLBC quarterly meetings.

As per RBI's guidelines, the Convenor Bank are required to send the Chairman or second-in-

command o�cer to these meetings. Since these banks are wholly-owned government entities,

their top most o�cers are de facto government employees, and are thus, fully answerable to

the regulator. The close supervision by the regulator of the chariman of Convenor Bank acts

as the implicit incentive mechanism for the chairman of Convenor Banks.

3 Model

Consider a game with the following features:
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• Players: The game has two players. Lead Bank, denoted by L, and Convenor Bank,

denoted by C.

• Strategies: Each player has two strategies. Denote by sL ∈ {E,NE} as the strategy
for Lead Bank. sL = E(NE) is the strategy of Lead Bank to exert e�ort (not exert

e�ort) in expanding �nancial services. Denote by sC ∈ {M,NM} as the strategy for

Convenor Bank. sC = M(NM) is when Convenor Bank monitors (does not monitor)

the Lead Bank.

• Payo�s: The payo�s for strategy pairs for L and C are given by Table 1.

Table 1: Payo� Matrix

M NM
E V − CE, bM − cM −CE, bNM

NE −CNE, v −δCNE,−δc

� V is the value received by Lead Bank manager on exerting e�ort when the Con-

venor Bank monitors and notices the e�ort. This can be considered as the reward

in terms of career progression.

� CE is the cost of exerting the e�ort. CNE is the punishment given to the Lead Bank

on not exerting e�ort. This can be considered as delay in career advancements

when the Convenor Bank eventually �nds out that the Lead Bank did not exert

e�ort.

� (bM − cM) is the net bene�t received by Convenor Bank for monitoring a Lead

Bank which exerts e�ort, whereas bNM is the bene�t received when the Lead

Bank exerts e�ort but Convenor Bank does not monitor. Monitoring by Convenor

Bank requires allocating time for supervising the e�ort. Thus, there are implicit

opportunity costs in monitoring.

� v is the value received by Convenor Bank when it monitors a Lead Bank which

does not exert e�ort. This value can be considered as discovering an ine�cient

Chief Manager in a district and possibly alleviating the reasons for his ine�cien-

cies. Since Convenor Banks have to report to RBI annually, any shortcomings in

targets set for Lead Banks are discovered eventually by the regulator which can

then discipline the Convenor. c is the cost that the Convenor Bank faces when

RBI discovers the shortfall of credit disbursement in a district.
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� δ is the discount factor.

Assumption-1: bNM > bM − cM

Assumption 1 states that the bene�t to Convenor Bank for not monitoring is greater than

net bene�t from monitoring when the Lead Bank exerts e�ort. Under this condition, there is

no pure strategy Nash Equilibrium of the game in Table 1. Thus, I explore a mixed strategy

Nash Equilibrium.

3.1 Equilibrium

Let α ∈ (0, 1) be the probability with which Lead Bank plays sL = E and let β ∈ (0, 1) be

the probability with which Convenor Bank plays sC = NM . Given the above payo� matrix,

α and β are given by:

α =
v + δc

v + δc+ bNM − (bM − cM)

and

β =
CE − δCNE

CE − δCNE + V

3.2 Comparative Statics

The equilibrium strategy pro�le provides the following comparative statics for the probability

of e�ort put by Lead Bank.

∂α

∂v
=

bNM − (bM − cM)

(v + δc+ bNM − (bM − cM))2

Thus, as the value received by Convenor Bank on catching an ine�cient Chief Manager in-

creases, the probability of e�ort exerted by the Lead Banker will also increase. The intuition

is simple. As the Convenor Bank gains more on catching an ine�cient lead banker, the

Convenor Chairman would monitor with higher probability. As the Chief Manager in the

district realizes that, he will put in more e�ort.

Given the governance structure explained in Section 2, v is likely to be higher when the

convenor and lead bank belong to the same nationalized bank. The intuition is simple.
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An ine�cient employee inside the organization can be disciplined more easily than the one

outside. Further, restricting career advancement of ine�cient of a Lead Bank Manager has

added value for the Convenor when the Lead Manager is in the same �rm. This reasoning

provides the �rst testable implication.

Testable Implication-1: Performance of Lead Banks in Aligned Districts is better.

Another comparative static from the above model is:

∂α

∂δ
=

c(bNM − (bM − cM))

(v + δc+ bNM − (bM − cM))2

As discount factor increases, the e�ort exerted by Lead Bank will increase. The intuition

is simple. The costs of an ine�cient Lead Bank are received by the Convenor in the next

period when RBI monitors all Convenors. As the time period of evaluation comes closer,

all nationalized banks would monitor with higher probability. Knowing this, Lead Banks

will exert e�ort with higher probability. Empirical implication of the above reasoning is the

following:

Testable Implication-2: Performance of Lead Bank improves as the year ends.

4 Empirical Results

I test the above implications on quarterly credit disbursement and deposits made in each

district from fourth quarter of 2003 to �rst quarter of 2018. The data is publicly available

from Reserve Bank of India's Basic Statistical Returns and Database of Indian Economy.

Information on Lead Banks and Convenor Banks is available from noti�cations and guidelines

of Reserve Bank of India. These guidelines also provide information on appointment of new

Lead and Convenor Banks, or changes in Convenorship of SLBC.

Table 2 provides the summary statistics for quarterly credit and deposits for each of India's

district. Around 44% of districts are aligned; i.e. Lead Bank in the district and Convenor

Bank of the state in that district are the same nationalized bank.

8



4.1 Credit Disbursements

In Table 3, I decompose log of credit in each district on various �xed e�ects. Each column

controls for year-quarter �xed e�ects to absorb temporal variations. In column 1, I add

year-quarter �xed e�ects only. Adjusted R2 is 0.104. Thus, temporal variation and business

cyclicality account for only 10% of variations in log of credit availability. In column 2, I

add lead bank �xed e�ects. Now, adjusted R2 rises to 0.34. Thus, local supply side factors

explain a signi�cant proportion in credit availability. In column 3, I add convenor bank �xed

e�ects. These can be considered as state-level supply side factors. The adjusted R2 now

increases to 0.52. Finally, I add state �xed e�ects in column 4 and district �xed e�ects in

column 5. These account for state-level and local demand-side factors. The adjusted R2 now

rises to 0.99. Table 4 repeats the same analysis for log of deposits.

The model in column 5 controls for temporal, supply and demand side factors. This empirical

model will act as baseline for testing the implications of the theoretical model.

I use the following empirical model to test the implications of the theoretical model:

log ydslcyq = β1{Align}+ φd + φs + φl + φc + φqy + εdslcyq

where,

• where ydslcyq are measures of �nancial access. This is log of credit or deposit.

• 1{Align} is 1 when Lead Bank and Convenor are same �rm; 0 otherwise

• φd and φs are district and state �xed e�ects to control for demand and administrative

factors

• φl and φc are lead bank and convenor �xed e�ects to control for supply-side interven-

tions

• φqy are quarter-year �xed e�ects

Following Abadie et al. (2017), I cluster the standard error at the level of district.

In Table 5, I regress log of credit on an indicator for alignment including all �xed e�ects.

The coe�cient on 1{Align} is 0.028 with a standard deviation of 0.005. Thus, after holding

constant, supply, demand and temporal variation, credit availability in aligned district is

2.8% higher. District-level average credit uptake is Rs. 58356 lakhs. Thus, on average,

credit availability in aligned district is around Rs. 1633 lakhs higher. In column 2, I restrict

the sample to those districts which underwent a change in alignment status. The coe�cient
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on 1{Align} is 0.085, implying an increase in credit availability by 8.5% when a district

becomes aligned.

To test the second implication, I use the following model:

log ydslcyq = β1{Align}+γ1{Quarter4}+θ1{Align}∗1{Quarter4}+φd+φs+φl+φc+φy+εdslcy

where apart from the variables explained above, 1{Quarter4} is fourth quarter �xed e�ect.

Thus, instead of using quarter-year �xed e�ects, I control for year �xed e�ects and observe

variation in credit disbursement in fourth quarter compared to other quarters.

Table 6 shows the results. The coe�cient on alignment dummy is 0.026 with a standard error

of 0.005, consistent with evidence in Table 5. Coe�cient on the indicator for fourth quarter

is 0.134 with a standard error of 0.002. Thus, compared to the �rst three quarters, credit

disbursement in the fourth quarter is 13% higher, controlling for demand, supply and annual

factors. Coe�cient on the interaction between alignment and fourth quarter dummy is -0.006

with a standard error of 0.003. Thus, there is weak evidence for convergence in performance

of aligned and non-aligned lead banks. A key takeaway is that the organizational pressure

on aligned lead banks are higher than the incentive to meet annual targets. In column 2,

I use �xed e�ects for each quarter separately. The coe�cients on quarter 2, quarter 3 and

quarter 4 �xed e�ects are 0.045, 0.097 and 0.179, respectively, with each of them signi�cant

at 1% level. Thus, credit disbursement increases as annual evaluation comes closer.

4.2 Deposits

Lead banks can also in�uence deposits in a district by imparting �nancial literacy in their

assigned regions. However, deposit stock and �ows are function of income shocks. To test the

e�ectiveness of alignment on deposit �ows, I use a normal monsoon in a state as a positive

income shock. I obtain data on monsoon rainfall from Indian Meteorological Department

from 2012-2016. IMD classi�es monsoon rainfall in three categories�Normal, Scanty and

Excessive.

I use the following model to test the above hypothesis:

∆ log ydslcy = β1{Align}+msy
i + 1{Align} ∗msy

i + φd + Σkφk + εdslcy

where,msy
i is monsoon-type �xed e�ect for state s in year y, where i ∈ {Normal,Excessive, Scanty}.
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Monsoon rainfall begins from end of June and stretches upto end of September, which corre-

sponds with the second quarter of �nancial calender. Harvesting and selling of agricultural

products starts after the monsoon ends. Thus, a positive income shock in the second quarter

should result in higher savings and thus, higher deposits in the third quarter3. If aligned

lead banks are better at imparting �nancial literacy, deposit �ows in quarter 3 should be

higher in aligned districts after a normal monsoon.

Table 7 provides the results. Coe�cient on the alignment dummy is 0.014 with a standard

deviation of 0.009. Thus, controlling for monsoon-type, deposit �ow between quarter 2 and 3

are higher in aligned district, although the result is not signi�cant. However, the coe�cient

on the interaction between alignment and normal monsoon dummies is 0.004 with a standard

deviation of 0.007. Thus, impact of �nancial literacy on deposit �ow is invariant between

aligned and non-aligned districts.

At �rst, the lack of any evidence on higher deposit �ows in aligned districts appears to

contradict the theoretical implications. However, this evidence is in line with existing re-

search which indicates the marginal or negligible impacts of �nancial literacy on �nancial

inclusion (Miller et al. (2014), Fernandes et al. (2014)). Thus, the results may emerge from

disinterested bene�ciaries rather than lack of e�ort from the aligned lead banks.

4.3 Robustness Checks

The above results do not stem from a randomized control trial where the alignment status

is orthogonal to all relevant characteristics of districts. Appointment of nationalized bank

as a lead bank of a district may depend on factors which are correlated with credit delivery

but unrelated to Lead Bank Scheme. To address this concern, I check for the following

conditions.

4.3.1 Test for Resource-based view of the Firm

Appointment of a nationalized bank as a lead bank of a district depends on the physical

presence of the nationalized bank as a Given its higher presence, a bank may want to build

up on its strength and open more branches. Further, if a bank head quarter decides to open

more branches in aligned districts, then this may imply more outlets for credit disbursement.

Thus, the above results may then be driven by a resource based view of �rm (Wernerfelt

(1984)), rather than a transaction costs approach (Williamson (1981)).

3The implicit assumption in this reasoning is Permanent Income Hypothesis.
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To test this hypothesis, I obtain data on quarterly opening of commercial bank branches for

each district in India from 2003 quarter 4 to 2016 quarter 3. I use the following model:

I{BankBranch}dslcyq = β1{Align}+ φd + φs + φl + φc + φqy + εdslcyq

where, I{BankBranch}dslcyq takes value 1 if lead bank l opens a branch in its district d in

state s in quarter-year qy.

Table 8 shows the result. The coe�cient on 1{Align} is -0.011 with a standard deviation of

0.014. Thus, there is no evidence of additional resource allocation to aligned districts.

5 Conclusion

In this paper, I show that in India's oldest �nancial inclusion program, organizational trans-

actions cost lead to distortion in credit disbursement across districts. Particularly, in districts

where local agency and state-level entities are the same, credit disbursement is 2.7% higher

controlling for temporal variations, demand-side and supply-side factors. However, deposit

�ows after positive income shocks are invariant across aligned and non-aligned districts. This

could be due to two major reasons. First, �nancial literacy in its current form does not have

or has marginal impact on �nancial inclusion. Evidence for this has been recorded in Miller

et al. (2014) and Fernandes et al. (2014). Alternatively, it is possible that in its current

set-up, Lead Bank Scheme emphasizes credit disbursal over deposit �ow. Both these issues

are subjects for further research.

The bigger takeaway from the paper is that inter-�rm and intra-�rm behaviour may a�ect

welfare services as well. The role of �rms in various welfare schemes in India is vast but has

remain understudied. For example, Pradhan Mantri Fasal Bima Yojana involves participa-

tion of private sector insurers for crop insurance. Similarly, UDAN scheme seeks initiatives

from private sector airlines to increase regional connectivity. The implications of various or-

ganizational economics, industrial organization and personnel economics may allow a fresher

perspective to design these policies.
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6 Figure

Figure 1: Organization Chart for State Level Bankers' Committee

RBI

Convenor
(State Coordinator)

Convenor
(State Coordinator)

Lead Bank
(District Nodal Bank)

Lead Bank
(District Nodal Bank)

Lead Bank
(District Nodal Bank)

Lead Bank
(District Nodal Bank)

Figure shows the organization chart of State Level Bankers' Committee in the Lead Bank Scheme. Each

district is assigned a nodal bank to monitor the activities of credit delivery and �nancial inclusion. Each

state is assigned a Convenor to coordinate the e�orts of the Lead Bank. The entire set-up is under the

supervision of Reserve Bank of India, the regulator of banking sector.
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Figure 2: Activities of Lead Banks

Lead Banks

Government 
Departments

Financial 
Institutions

Public

Is
su

es
 in

 B
an

ki
n

g 
Ex

p
an

si
o

n

M
o

n
ito

rin
g an

d
 Target Settin

g

16



Figure 3: Organization Chart for Nationalized Banks in India

Chair Man (Convenor)

General Manager

Chief Manager 
(Lead District 

Manager)

Branch Manager

Probationary 
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Figure shows the organization chart of a typical nationalized bank in India. Probationary O�cer is the entry

level position in the �rm. Employees work up the ladder. Chief Manager, which is in-charge of Lead Bank

activities, is reached after 6-7 years.
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Table 3: Decomposing Variation in Log of Credit

(1) (2) (3) (4) (5)
Quarter-Year Fixed E�ects Yes No No No No
Lead Bank Fixed E�ects Yes Yes No No No
Convenor Bank Fixed E�ects Yes Yes Yes No No
State Fixed E�ects Yes Yes Yes Yes No
District Fixed E�ects Yes Yes Yes Yes Yes

Observations 31499 30960 30960 30960 30960
R2 0.105 0.351 0.521 0.638 0.991
Adjusted R2 0.104 0.350 0.519 0.636 0.991
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Table 4: Decomposing Variation in Log of Deposit

(1) (2) (3) (4) (5)
Quarter-Year Fixed E�ects Yes No No No No
Lead Bank Fixed E�ects Yes Yes No No No
Convenor Bank Fixed E�ects Yes Yes Yes No No
State Fixed E�ects Yes Yes Yes Yes No
District Fixed E�ects Yes Yes Yes Yes Yes

Observations 31501 30960 30960 30960 30960
R2 0.115 0.324 0.449 0.590 0.993
Adjusted R2 0.114 0.323 0.447 0.589 0.993
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Table 5: Log of Credit

(1) (2)
1{align} 0.028∗∗∗ 0.086∗∗∗

(0.005) (0.011)
Observations 30960 1681

Both speci�cations control for
quarter-year, district, state, lead
bank and convenor bank �xed
e�ects. Following Abadie et al.
(2017), I cluster my standard errors
at district level.

Table 6: Quarterly Variation in Log
of Credit

(1) (2)
1{align} 0.026∗∗∗ 0.025∗∗∗

(0.005) (0.005)
Q4 0.134∗∗∗

(0.002)
1{align} ∗Q4 -0.006∗∗

(0.003)
Q2 0.045∗∗∗

(0.0011)
Q3 0.097∗∗∗

(0.0012)
Q4 0.18∗∗∗

(0.0011)
Observations 30960 30960

District, State, Lead Bank and Con-
venor Bank �xed e�ects are pro-
vided in each speci�cation. Follow-
ing Abadie et al. (2017), I cluster the
standard errors at the district level.
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Table 7: Change in Log Deposit After Positive
Income Shock

Dpdt. var.: Change in log(deposits)

(1)
1{Align} 0.014

(0.009)
1{Normal} 0.002

(0.006)
1{Excessive} -0.001

(0.006)
1{Align}*1{Normal} 0.004

(0.007)
1{Align}*1{Excessive} 0.003

(0.008)
Observations 2510

The dependent variable is the change in log of
deposit from quarter to quarter 3 from years
2012 to 2016. District, State, Lead Bank and
Convenor Bank �xed e�ects are provided in each
speci�cation. Following Abadie et al. (2017), I
cluster the standard errors at the district level.

Table 8: Opening of Bank
Branches

I{BankBranch}
1{Align} -0.011

(0.014)
Observations 30960

Dependent variable is an indica-
tor which takes value 1 when a
lead bank opens a branch and
0 otherwise. Quarter-Year, Dis-
trict, State, Lead Bank and Con-
venor Bank �xed e�ects are pro-
vided in each speci�cation. Follow-
ing Abadie et al. (2017), I cluster
the standard errors at the district
level.
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